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As one of the most widely spoken languages globally, English plays a pivotal role in
academia, digital communication, and numerous professional domains. English proficiency
is vital for academic pursuits, international communication, and careers. The profound impact
of artificial intelligence on our daily lives is exemplified by techniques such as chatbots and
speech recognition. Leveraging these techniques (i.e., Chatbot and speech recognition), the
paper aims to create a user-friendly mobile app to enhance English-speaking proficiency at
minimal cost. This study employs three conversational Al models- ChatGPT, Blenderbot, and
DialoGPT as chatbots, and uses Google's speech-to-text/text-to-speech models for voice
recognition and generation. The developed app and the used models are evaluated through
questionnaires and response time measurements, highlighting user satisfaction with the
system's realism, accuracy, and user-friendliness. ChatGPT and Blenderbot emerge as top
performers in response quality, while DialoGPT excels in response speed.
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1. Introduction

English stands as the world's most widely spoken language and holds the status
of being the official language in numerous nations. It serves as the primary
language in virtually all digital resources, dominates academic discourse, and is
integral to university applications [1], [2]. Furthermore, English is the chosen
medium for cross-country communication and finds applications in various
professional domains. Mastering the art of learning and speaking English is crucial
for obtaining scholastic degrees and pursuing higher education opportunities
abroad. Proficiency in the language is equally vital for international travel and
conducting global business affairs [3].

Proficiency in English speaking constitutes one of the four essential language
proficiencies, along with writing, reading, and listening. It is essential for any job
application and professional engagement. It is the first impression you make on
potential employers and colleagues, and it can have a significant impact on your
chances of success [4] Strong speaking skills can also give you a competitive edge
in other areas of your career, such as networking, negotiating, and giving
presentations. Additionally, they can help you develop your leadership skills and
become more influential in your workplace [5][6][7]

In recent years, we have witnessed a revolution in Artificial Intelligence (AI)
that has significantly impacted various fields of our lives [8]-[11]. This
transformation has been particularly pronounced in areas such as healthcare,
cybersecurity, etc [12]-[14]. One notable application of Al in this revolution is the
development of chatbots. Chatbots have emerged as powerful tools with the ability
to assist and answer a wide range of questions [15]. This innovation has had a
profound effect on the lives of many individuals, making access to information
easier and more efficient than ever before. ChatGPT is one of the most versatile
chatbot systems, capable of performing a wide range of tasks and providing
responses [16]. Additionally, over the years, several other chatbot models have
been introduced such as blenderbot from Facebook [17] and DialoGPT from
Microsft [18], further expanding the capabilities of Al-driven conversations.

Numerous programs are available for users to enhance their English language
skills, and most of the ones that offer a high-quality learning experience come with
a price tag [19]. Therefore, the main objective of this paper is to develop a
comprehensive system that combines the power of conversational Al and speech
recognition technologies by building a user-friendly mobile app that helps people
improve their English-speaking skills almost free. In the following the main
contributions of the works. Contributions of the works are as follows.

e Integration of Conversational Al Models: The paper introduces a
mobile app that seamlessly integrates three state-of-the-art
conversational Al models: ChatGPT, Blenderbot, and DialoGPT. This
integration allows users to interact with these models to improve their
English-speaking skills.

e User-Friendly Mobile Interface: The authors have designed a user-
friendly mobile app interface that simplifies the user experience. The
interface allows users to select their preferred AI model, adjust voice
preferences (including gender and speed), and engage in real-time
conversations. The simplicity of the interface enhances the app's
accessibility for users seeking to improve their English proficiency.

e User Evaluation and Performance Metrics: The paper conducts user
evaluations and performance measurements to assess the effectiveness
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of the mobile app. User feedback is gathered through questionnaires,
which provide insights into user satisfaction, interface usability, and
the perceived benefits of using the app to enhance language
proficiency.

The rest of the paper is organized as follows: In Section 2, we explain the
conversational Al models used in this study. Section 3 details the system
architecture and the workflow, from sending the voice to receiving and playing the
response, with the main components of the mobile app. Section 4 covers the
evaluation of the mobile app, and Section 5 concludes of the paper.

2. Conversational Al Models Description

We have employed three conversational Al models to develop the app:
ChatGPT from OpenAl, BlenderBot from Facebook, and DialoGPT from
Microsoft. In the following sections, we will briefly explain each model.

1. ChatGPT: ChatGPT is a natural language model that has been instructed to
provide human-like responses [15], [20]. It accepts text input and generates
a variety of answers based on the instructions in the input text. These
responses can range from answering inquiries and supplying code to
solving arithmetic problems and delivering various other services.
ChatGPT is available in several versions, each trained on a dataset of a
different size, providing a wide range of response capabilities. In this work,
we utilized a free trial of the GPT-3.5-turbo version of ChatGPT, which
contains 175 billion parameters.

2. Blenderbot-400M-distill: It is the distilled version of Blenderbot from
Facebook, boasting 400 million parameters. This model falls under the
category of Retrieval-Augmented Generation, where 'retrieval' refers to the
model providing a response based on existing results. At the same time,
'generation' refers to the model's capability to create responses from
scratch, leveraging its language modelling capabilities. BlenderBot is
trained on a massive dataset of text and code and can be used for various
tasks [17].

3. DialoGPT is a conversational language model based on the GPT
architecture. DialoGPT is trained on a massive dataset of 147M multi-turn
dialogues extracted from Reddit discussion threads. This dataset includes
various topics, from casual conversations to debates on controversial
issues. DialoGPT can generate text that is both informative and engaging
[18].

3. System Overview and App Components

This section is divided into two parts. The first illustrates the model architecture
and outlines the flow of data between the client and the server. In the second, we
delve into the design of the mobile app, providing an in-depth overview of its key
components.

3.1. System Overview

As mentioned in the preceding section, the primary objective of this work is to
design and implement an app based on conversational Al with the explicit aim of
enhancing English language proficiency. The architectural framework for this
system is illustrated in Figure 1. The first step in our model involves converting
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user-generated voice input into text format. We leverage Google's advanced voice-
to-text conversion service [21]. Subsequently, the recognized text undergoes
further processing and is dispatched via an API to the server. Alongside this text,
we send the name of the selected model. The text is added to the conversation
history on the server side and tokenized using the appropriate model. It is then fed
to the model to generate the output. The resulting output is consolidated, sent to the
client side, rejoined, and then passed to the recognition model for conversion into
voice. This voice is played, and the corresponding text is displayed on the screen.

Text Output
Model name History i
! !
) Combine the text, with .
Convert the voice to modelnameYondlovan Unpacking (Text, model > Tokenization
text API name)
([ H ) l
= v
Model hame > Models

=
CH ) Play the voice,
display the message <«— Convert the text to voice <«
are you? on screen
S

Figure 1 System Architecture

3.2. Apps' Components

We have developed a straightforward mobile app to facilitate the use of our
proposed system. When designing the mobile app, we strongly emphasised user-
friendliness and simplicity. As a result, we have kept the interface clean and
intuitive. The mobile app, depicted in Figure 2, consists of two screens. The first
screen (Figure 2a) displays user and model messages and a microphone icon for
voice recording. The second screen (Figure 2b) presents multiple choices for the
user. On the second screen, users can choose their preferred model. We use the
Chat GPT model by default, but users can choose any of the three available models.
The system can seamlessly produce responses for the selected model without any
issues. Another option available to users is voice output. By default, Android
Studio supports a female voice for text-to-speech, but we have also incorporated a
male voice option. Additionally, users can adjust their talking speed. This feature
is essential, as some individuals may need a slower pace to comprehend spoken
words better. We have included a higher-speed talking option for those who prefer
a faster pace.
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Figure 2 Mobile App Screens: (a) The main screen displays messages sent and received as text. (b) The options screen allows users
to select their preferred model, talking speed, and voice-over gender.

4. Mobile app and model evaluation

We have created a form with multiple questions to evaluate the proposed system
and determine its effectiveness. These questions cover various aspects, including
system performance (accuracy, realism, speed), mobile usability, user interface
friendliness, and how the system improves English skills. Collect questions based
on the most popular questions used to evaluate mobile apps [22]. All the questions
are listed along with the corresponding evaluation percentages results in Table 1.
15 users are involved in evaluating this app. Concerning accuracy and appropriate
responses, the chatGPT model shows high performance and the highest accuracy
results, while the lowest one is DialogGPT. Considering technical issues, user-
friendliness, and recommendations to other users, the results show high
performance and positive feedback concerning all questions.

Table 1 User Feedback on Conversational Models and Mobile App Performance

Questions related to model performance DialoGPT (%)  Blenderbot (%) ChatGPT (%)
Rate the model in terms of realism and accuracy in responses. 48 82.5 91
How satisfied are you with the speed at which the models respond? 90 72 84
Have you encountered instances where the models provided 40 2 10
inaccurate or inappropriate responses?

Questions related to the app's performance

How user-friendly is the app's interface? 94

Did you encounter any technical issues or glitches while using the 7

app?

Is the app a good choice for learning and improving speaking 81

proficiency?

How likely are you to recommend this app to others based on your 79

overall experience?
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In addition to evaluating user feedback, we have also measured the time it takes
to receive responses from the models. This time is calculated from when the text
message is tokenized and fed to the model until the response is received. Figure 3
illustrates the results of this analysis. The performance of the DialogGPT model is
the lowest. Its response time is approximately one and a half times faster than that
of the ChatGPT model and three times faster than that of the BlenderBot model. In
contrast, the BlenderBot model has demonstrated the highest response time
compared to the other models. While it may offer certain advantages regarding its
capabilities, it is essential to consider its relatively longer response time, which
may impact real-time interactions.
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Figure 3 Comparison of Response Times for Different Models (msec)

5. Conclusions

This paper introduces a mobile app that employs advanced Al techniques to
significantly enhance English-speaking skills. Our system leverages Google's voice
recognition system to convert recorded speech into text. Additionally, we use three
state-of-the-art conversational AI chatbot models: ChatGPT-3.5 Turbo,
Blenderbot, and DiloadGPT. These models generate responses based on the
received text input. Our proposed system is implemented within a user-friendly
mobile application developed using Android Studio. We conducted two separate
assessments to evaluate the proposed system and mobile application. The first
involved administering questionnaires to users, while the second focused on
measuring response times. Our results show that ChatGPT and Blenderbot
consistently outperformed DiloadGPT regarding response realism and accuracy.
Regarding response times, DiloadGPT exhibited the fastest response generation,
followed by ChatGPT and then Blenderbot. DiloadGPT is approximately twice as
fast as ChatGPT and three times faster than Blenderbot. Our user feedback
indicates high-performance levels in terms of user friendliness user friendliness,
and technical robustness. Overall, our proposed mobile app can significantly
enhance English-speaking skills, and our results demonstrate the effectiveness of
our Al techniques.
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6. Limitations and Future Work

We utilized a free trial of ChatGPT, which offers a limited period for free usage.
On the other hand, if they are willing to tolerate slower responses, they can use
Blenderbot, which is entirely free with no usage limits, as mentioned earlier. For
future work, we also recommend exploring the utilization of different models, such
as ChatGPT-4 or BART, and comparing them with the models used in this paper.
To enhance the mobile experience, consider adding features like login functionality
and a history feature.
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